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A statistical aware based big data system
computing framework

WEI Chenghao, HUANG Zhexue, and HE Yulin

College of Computer Science and Software Engineering, Shenzhen University, Shenzhen 518060, Guangdong Province, P. R. China

Abstract: In order to realize the computability of big data in a certain computing resource, a statistical aware based
big data system computing framework ( abbreviated as Bigdata-o) is proposed in this paper to deal with Thyte grade
big data. The core of the framework is random sample partition model and asymptotic ensemble learning model. The
first one guarantees the consistent distributions between the big data and its data-blocks, while the second one
provides an unbiased and convergent learning model by using some samples of the big date. The effectiveness of the
random sample partitioning model is verified by using a 1 Tbyte simulation dataset. By gradually increasing the
number of random sample blocks, the classification accuracy of the base classifier is improved. The massive
computing resources is avoided in big data analysis.
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Fig.2 Sample distribution after big data partition
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Fig. 3 Accuracy of asymptotic ensemble classification
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